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Supplementary Methods

Measurement invariance testing
Establishing measurement invariance is key when comparing values across groups, to ensure that the observed differences reflect differences, rather than differences in the functioning of the items across groups (Horn & McArdle, 1992; Schmitt & Kuljanin, 2008; Vandenberg & Lance, 2000; Wetzel, Brown, Hill, Cung, Robins, & Roberts, 2017). Concretely, in the context of our study, measurement invariance means that the respective items of the Machiavellianism scale, as manifest indicators of the underlying latent construct, i.e. Machiavellianism, mean the same thing to members of different age brackets, genders, and income groups. Following a common approach (Brown, 2006; Lucas & Donnellan, 2011) our evaluation of measurement invariance was informed by CFA-based mean and covariance structures analysis techniques (MACS; Little, 1997; Ployhart & Oswald, 2004). In so doing, a stepwise procedure was adopted, wherein multiple-group CFA models with progressively conservative across-group restrictions on parameters (i.e. factor loadings, item intercepts) were specified (Allemand & Zimprich, & Hertzog, 2007; Lucas & Donnellan, 2011; Zimprich, Allemand, & Hornung, 2006). 
First, we specified a baseline as baseline model in which all parameters (i.e., factor loadings, item intercepts) were allowed to vary freely across all groups (e.g. age brackets, genders, income brackets). This baseline model is also referred to as the configural invariance model (Allemand, Zimprich, & Hendriks, 2008; Meredith, 1993; Meredith & Horn, 2001). Configural invariance means that the numbers of factors and general loading patterns are identical across groups and consequently that the dimensionality of the measured construct, i.e. Machiavellianism is equivalent. As such, the configural invariance models ascertains the most basic form of measurement invariance and serves as a starting point for the successive testing of increasingly restrictive models that indicate stronger evidence of measurement invariance. 
Second, we tested for metric invariance – also called weak invariance – (Allemand et al., 2008; Meredith, 1993; Meredith & Horn, 2001), which demands that factor loadings can be constrained to the same values across groups. If such constraints do not substantially worsen model fit, this is interpreted as evidence that the individual items of the Machiavellianism scale exhibit the same relationship with the underlying latent Machiavellianism score for all groups. This means that the Machiavellianism scale ranks people in the same way, irrespective of e.g. their age, gender or income. 
Third, we assessed scalar – or strong – measurement invariance (Allemand et al., 2008; Meredith, 1993; Meredith & Horn, 2001). Going beyond metric invariance, scalar invariance further requires that the measurement intercepts, i.e. the intercepts from the regression models which link each item to the latent construct, can be constrained to be invariant across groups. Again, if such constraints do not severely impact the overall model fit, then there is evidence of scalar invariance. On a conceptual level, scalar invariance means that the questionnaire weighs people in the same way, which in turn means that valid inferences about mean-level differences can be made. 
In carrying out the stepwise procedure, described above, the following strategy was pursued. When examining configural invariance, we focused on comparative fit index (CFI) as an index of overall model fit. Following established guidelines, a CFI above .95 was interpreted as supporting configural invariance (Hu & Bentler, 1999; Meade, Johnson, & Braddy, 2008; Wetzel et al., 2017). Next, when assessing the more stringent forms of measurement invariance, we moved away from chi-square significance tests that are highly sensitive to large sample sizes (Cheung & Lau, 2012; Nye & Drasgow, 2011) and used a change in the comparative fix index (ΔCFI) greater than .01 as cutoff value to indicate differential item functioning (DIF; Chen, 2007; Cheung & Rensvold, 2002; Hirschfeld & von Brachel, 2014; Schmitt & Kuljanin, 2008). If scalar invariance was not initially supported, we selectively freed single item parameters, identified through the inspection of modification indices (Hirschfeld & von Brachel, 2014) to achieve partial strong invariance (Lucas & Donnellan, 2011; Reise, Widaman, & Pugh, 1993). 
The ΔCFI criterion was additionally supplemented with an assessment of the effect size of the measurement invariance and its practical relevance and meaning as advised by Nye and colleagues (2018). Therefore, we employed the dMACS-statistic (Nye & Drasgow, 2011), which might actually be a more conservative indicator of non-equivalence than ΔCFI (Hopwood, Nye, Blomquist, & Grilo, 2018), is robust to the number of items in the scale under examination and the only standardized effect size for CFA analyses (.40 = small effect; .60 = medium effect; .80 = large effect; Nye, Bradburn, Olenick, Bialkow, & Drasgow, 2018). As dMACS is prone to elevated type I error rates when comparing groups of very different sizes, we followed Nye and colleagues (2016) and drew equally-sized random subsamples from the respective age brackets which would otherwise vary drastically in size (i.e., participants in emerging and young adulthood would be much more numerous than participants in middle and late / middle late adulthood) to compute the dMACS statistics.
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Deviations from pre-registration
Before analyzing any data, we pre-registered the current research project on the Open Science Framework (https://osf.io/q86rd/). While have generally adhered to the pre-registration there are two noteworthy deviations in terms of the analytical approach.
First, in the pre-registration, we had decided to restrict our sample to participants who were at least 18 years old. This was in line with the original ethics application that had been approved by the Psychology Research Ethics Committee of the University of Cambridge (application number: PRE.2017.044) before any data had been collected. However, as the project progressed, through talking to other researchers in the field and browsing the relevant literature, the significance of the dataset and its unique potential to offer a holistic lifespan perspective on age-graded changes in Machiavellianism became apparent. At this point, in November 2018, we once again reached out to the Psychology Research Ethics Committee of the University of Cambridge to seek ethical approval to analyze the existing data archive. This approach had also been successfully pursued by Soto and colleagues (2008) who had a similar dataset and also wanted to analyze age-graded mean-level changes in personality for participants between age 10 and age 20. Hence, we sought and obtained ethical permission to include participants starting at age 10, who had consented to donating their data as part of the Harry Potter TIME Magazine study. This age threshold was chosen in keeping with broad consensus in the field that at age 10 participants are able to provide accurate, reliable self-reported personality assessments (Bleidorn & Hopwood, 2019; Costa, McCrae, & Löckenhoff, 2019; Klimstra, Sijtsema, Henrichs, & Cima, 2014; Soto, John, Gosling, & Potter, 2008, 2011). Under these conditions, ethical approval to analyse the corresponding data was granted by the Psychology Research Ethics Committee of the University of Cambridge along with a waiver of parental consent as (1) the research procedure - anonymously answering a questionnaire on general personality characteristics and receiving broad and innocuous feedback - posed only minimal risk to the participants, (2) all data were fully anonymized and no individual-level diagnostics were carried out, (3) the waiver of consent would not harm the rights or welfare of the participants in any ways, and (4) because the corresponding research questions could not have been practicably addressed otherwise. 
Second, with respect to measurement invariance testing, at the time of pre-registration, we intended to use a change in comparative fit index (ΔCFI) greater than .002 as cutoff to indicate differential item functioning. This was based on a study by Meade, Johnson and Braddy (2008). However, as we became more familiar with the procedure and the literature, it became clear to us that in the absence of a uniformly accepted gold standard or clear consensus regarding such cutoff values, researchers are left to their own devices in determining an appropriate criterion that fits their specific study context (Marsh et al., 2018; Putnick & Bornstein, 2016). In fact, Little (2013) argued that the parameters used in the Monte Carlo simulation that Meade and colleagues (2008) based their recommendation on, were too strict for real-world models and hence too conservative. This is in line with prior (Cheung & Rensvold, 2002; Vandenberg & Lance, 2000) and later recommendations (OECD, 2014; Putnick & Bornstein, 2016) and the findings of other extensive Monte Carlo simulations (Chen, 2007; French & Finch, 2006; Kim, Cao, Wang, & Nguyen, 2017) that reach strong agreement in suggesting a cutoff of ΔCFI greater than .01. Indeed, Rutkowski and Svetina (2014) even demonstrated, that it might be advisable to further relax the criterion to ΔCFI greater than .02 when comparing larger numbers of groups, as, for instance, in our focal analyses which encompassed six age groups. Under these circumstances, and in recognition of the fact that almost all published work in the developmental psychology literature that features a comparable design adopts the cutoff of .01 (Grosz et al., 2017; Lucas & Donnellan, 2011; Soto, 2016; Schwaba & Bleidorn, 2017; 2019), we decided to follow suit and also set a change in comparative fit index (ΔCFI) greater than .01 as threshold to signal measurement invariance. This being said, as stated in the pre-registration, we additionally calculated dMACS as an effect size index and marker for practical relevance of measurement invariance (Nye & Drasgow, 2011; Nye et al., 2018). 
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