
FROM THE EDITORS

FROM SCARCITY TO ABUNDANCE: SCHOLARS AND
SCHOLARSHIP IN AN AGE OF GENERATIVE

ARTIFICIAL INTELLIGENCE

Generative artificial intelligence (AI) refers to a
class of machine learning technologies that have the
capability to generate new content that resembles
human-created output, such as images, text, audio,
and videos. Within the context of generative AI,
much hype has been directed in particular toward
large language models, given the associated tools’
ability to generate coherent and contextually rele-
vant text given a user-defined prompt. As editors of a
journal devoted to advancing knowledge production
in the areas of management and organizations, we
believe it is important to recognize the promise of
generativeAI for advancing such knowledge produc-
tion. In particular, we see opportunities for scholars
to increasingly make use of generative AI to assist
with the entire value chain of knowledge produc-
tion, from synthesis, to creation, to evaluation and
translation (Bartunek, Rynes, & Daft, 2001; Kilduff,
Mehra, & Dunn, 2011; Van De Ven & Johnson, 2006).
Moreover, these same tools promise to increase both
the efficiency and rigor of our researchmethods.

Even as we recognize the promise of applying this
technology to the craft of scholarly knowledge pro-
duction, we also recognize the potential perils of
doing so. The integrity of the scholarly research pro-
cess depends upon methodological transparency
and reliability. Yet implementation of large language
models at scale poses significant risks to such trans-
parency and reliability, even as it introduces addi-
tional concerns regarding accuracy, such as “AI
hallucinations” and what we are calling “deep
research fakes” (Walters & Wilder, 2023). Where the
former refers to coherent, contextually relevant, yet
false information provided by generative AI thatmay
deceive the researcher, the latter refers to the inten-
tional use of generative AI to create and manipulate
data in order to deceive the scholarly community.
Moreover, as with all forms of craft, as technology
begins to increasingly mediate the human-centered
foundations of scholarship, this is likely to raise
questions of “authentic” scholarship (Kroezen,
Ravasi, Sasaki, _Zebrowska, & Suddaby, 2021; Voro-
nov, Foster, Patriotta, & Weber, 2023), and indeed

underwhat conditions human judgmentmay be nec-
essary to uphold such authenticity.

Taken together, the promise and peril of generative
AI raise a number of critical questions. First, how
might generative AI be used to increase both the
quality and quantity of interesting and important
scholarship? Second, given the aforementioned ten-
sions surrounding its usage, why should we caution
the usage of generative AI? To date, prior editorials
and publications from across the academic profes-
sion, including a recent Academy of Management
Journal editorial (Dwivedi et al., 2023; Susarla,
Gopal, Thatcher, & Sarker, 2023; Thorp, 2023; von
Krogh, Roberson, & Gruber, 2023), have begun to
consider both of these pragmatic and normative
questions in light of both the underlying technology
and methodology. However, given the broad and
nontechnical appeal of generative AI through tools
such as ChatGPT and Microsoft Copilot, we see an
opportunity to advance this conversation toward a
broader and more future-oriented investigation as to
the implications of generative AI for the scholarly
profession, and for journals like the Academy of
Management Journal in particular. To be clear, as we
address this third and final question, our intention is
not to codify our profession’s response to the future
development of this technology, but rather to expose
various possible uncertainties that will affect its
development and its implications for scholars and
scholarship. In other words, we are merely at the
beginning of a conversation we expect to be having
formany years to come.

HOW MIGHT GENERATIVE AI BE USED?

In order to understand how generative AImight be
used to enhance the quality and quantity of scholarly
knowledge production, it is worth deconstructing
the scholarly process into its constitutive parts,
which we suggest entail (a) knowledge synthesis, (b)
knowledge development, (c) knowledge evaluation,
and (d) knowledge translation. While some of these
steps rely more heavily on “know-what”—the
knowledge of data, information, concepts, and
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theories—other steps rely more on “know-how”—

procedural (often tacit) knowledge of how to perform
scholarship. In the following paragraphs, we will
discuss what we perceive as the promise of genera-
tive AI for enhancing each of these steps in the pro-
cess of scholarship.

Knowledge Synthesis

The process of scholarship often starts with the
surfacing of theoretically interesting and practically
important questions. As such, much of the training
provided in PhD programs involves exposure to
broad literatures with the aim of familiarizing stu-
dents with the accumulated body of knowledge in
management research, as well as its frontiers, so that
they might identify opportunities for meaningfully
advancing that knowledge (Dencker, Gruber, Miller,
Rouse, & von Krogh, 2023). Such advances are often
thought to be more interesting if they are accompa-
nied by theoretical or practical puzzles (Tihanyi,
2020). Moreover, interesting questions are often
thought to lie at the intersection of multiple litera-
tures (Grant & Pollock, 2011).While academics often
experience efficiencies in knowledge synthesiswork
within and across literatures over time, such
efficiencies can take years to realize. Conversely,
emerging generative AI tools now increasingly offer
capabilities aimed to increase those efficiencies and
the pace at which those efficiencies are realized by
scholars (Heidt, 2023). In addition, while the process
of discerning or surfacing interesting research ques-
tions is often thought to be the purview of human
creativity, recent studies have highlighted howGPT-
4 can outperform 90% (Haase & Hanel, 2023) and
99% (Guzik, Byrge, & Gilde, 2023) of people on dif-
ferent creative tests. The extent to which generative
AI will augment or replace academics in the creative
tasks associated with scholarship is a matter of
debate (indeed, the authors of this editorial have
internally expressed such debate), yet the potential
should be taken seriously.

Knowledge Development

The second stage in the process of scholarship
often requires knowledge development work, such
as an ability to collect, model, and analyze data, and
then crafting parsimonious arguments that simply
convey complex phenomena and relationships.
Here, generativeAI promises to profoundly affect the
methodological process, which underpins knowl-
edge development work through increases in both

efficiency and rigor. With respect to efficiencies, we
envision that generative AI will likely lower the bar-
riers to methodological competence, while also
speeding up the process of executing on single
research tasks. In terms of data collection, we can
imagine scholars making use of generative AI to
assist with research design as well as instrument
design (e.g., survey questionnaires, interview
guides). In terms of data analysis, simple prompts or
sequences of prompts may be sufficient to engage in
sophisticated inductive exploration of large quanti-
tative or qualitative data sets (Gamieldien, Case, &
Katz, 2023; Wang et al., 2023). Similarly, simple
prompts combined with the above-referenced
knowledge synthesis work may be sufficient to not
only quickly surface a set of credible yet interesting
hypotheses but also follow on to systematically test
those hypotheses (vonKrogh et al., 2023;Wang et al.,
2023). Altogether, these developments enable an
accelerated pace of research, leading to what may be
called an “instant research paradigm” in manage-
ment research (Gruber, 2023: 3).

With respect to methodological rigor, there are a
number of plausible ways in which generative AI
might be used to enhance reliability and validity. For
instance, for experimental research, generative AI
may be used to produce augmented data to
test hypotheses in various scenarios, ensuring that
findings are consistent and reliable across diverse
data sets. It may be used to identify inconsistencies in
data, thus ensuring that the data used in analyses is of
high quality, and thereby improving the reliability of
results. It may be used to create complex simulation
models or scenarios thatmight be difficult to examine
in real-world conditions, potentially enhancing exter-
nal validity. Further, it might be used as a source of
researcher feedback, identifying and notifying
researchers of potential biases or errors in their meth-
ods that could undermine reliability and validity.

Beyond the ability to improve data collection and
exploration, these tools also offer researchers the
potential to improve argumentative clarity while
developing hypotheses and propositions. Through
outline generation, language enhancement, and
proactively identifying and responding to counterar-
guments, generative AI promises to increase the per-
suasiveness of scholars’ knowledge development
work.

Knowledge Evaluation

In the same way that generative AI might enhance
the ability of authors to proactively discern
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deficiencies in both their analysis and argumenta-
tion, so too might it assist journal editors and
reviewers to identify otherwise overlooked concerns
as they engage in knowledge evaluation. As far back
as 2006, Chet Miller wrote an editorial for the Acad-
emy of Management Journal discussing issues such
as reviewer hostility, bias, and dissensus, as well as
some of the mitigating approaches journals could
continue to take to overcome those issues (Miller,
2006). By providing reviewers and editors with addi-
tional feedback on the quality of submitted manu-
scripts, as well as on the quality of reviews, it is
possible that generative AI could be used to further
mitigate peer-review concerns. Moreover, such gen-
erativeAI could be used tomatch reviewers based on
expertise, thus mitigating the likelihood of bias due
to lack of topical ormethodological familiarity.

Knowledge Translation

Finally, the process of scholarship often benefits
from knowledge translation work—efforts to ensure
the broad accessibility of that knowledge. Within
most management journals such translation activi-
ties are often focused on converting specific empiri-
cal findings into broader theoretical contributions.
Yet, increasingly, many scholars have advocated for
improvements in such translation efforts aimed at
closing the theory–practice divide and ensuring the
responsible impact of our scholarship (Ployhart &
Bartunek, 2019; Tsui, 2021; Wickert, 2021). Yet,
despite these calls, our professional incentives often
encourage less focus on such practical translation
efforts (Aguinis, Archibold, & Rice, 2022). Addition-
ally, even as the study of management and organiza-
tions has globalized, much scholarship remains
siloed by language barriers. However, once again,
here, generative AI promises to increase the effi-
ciency of such translation efforts through simple
prompts (Ahuja et al., 2023; Anderson, Kanneganti,
Houk, Holm, & Smith, 2023).

WHY SHOULD WE CAUTION USAGE
OF GENERATIVE AI?

Although there is great promise for using genera-
tive AI to increase both the quality and the efficiency
of scholarship, the risks are manifold. First, genera-
tive AI, and specifically large language models, are
trained on massive data sets of text and code. These
data can include a variety of sources, such as news
articles, social media posts, and academic papers.
Using these large data sets, generative AI formulates

responses based on patterns rather than specific
sources. Yet the actual data and algorithms from
which these patterns are deciphered are often “black
boxed,” meaning that it is difficult to understand
how the conclusions are arrived at. This lack of trans-
parency can make it difficult to assess the reliability
and validity of the generated results. Moreover, given
this lack of transparency and the constant updating of
the model and underlying data structures, it can be
difficult for other researchers to replicate results or
to identify any potential methodological flaws. This
problem is further magnified when humans are
interfacing with proprietary systems and are thus
removed from the inner workings of the deep learn-
ing processes that power generativeAI.

Second, and relatedly, contemporary versions of
generativeAI rarely offer and source evidence to sub-
stantiate the arguments put forth. Moreover, at least
at the moment, generative AI does not (yet) truly
understand the use of language in specific contexts
in the way humans do (Wittgenstein, 1953). Thus,
generative AI would struggle to understand the
nuances of a particular academic field or the latest
groundbreaking research. Without this deep under-
standing, it is questionable whether generative AI
could reliably provide or source the most current or
relevant evidence. In academic research, where pre-
cision and accuracy are paramount, this of course
raises significant concerns.

Third, as previously noted, generative AI has a ten-
dency to hallucinate, whereby it produces persuasive,
albeit factually inaccurate and misrepresented, infor-
mation. This occurs because contemporary generative
AI models are probabilistic in nature, such that the AI
model makes a prediction about what a meaningful
answer might look like yet without applying any
forms of logical or contextual reasoning. In academic
contexts, such hallucinations could have serious
repercussions if they were to go unchecked, including
an increase in retractions; damage to author, journal,
and professional reputation; as well as ripple effects
involved in misleading future research.

Fourth, generative AI’s ability to produce human-
like text, images, and even videos has opened the
door to the creation of “deep fakes” in various con-
texts, including academic scholarship (Liverpool,
2023). For instance, generative AI could be used to
fabricate both quantitative and qualitative data sets
that appear legitimate but are entirely fabricated.
This could include fake experimental results, sur-
veys, or observational data. Beyond such founda-
tional fabrications, we see the potential of generative
AI to produce fake citations, as well as tomanipulate
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images and graphs—all in the service of supporting
false claims.

Fifth, and finally, we see risks not only with the
process of authoring scholarship but also with
reviewing and evaluating it. Should reviewers or edi-
tors start making increased use of generative AI to
summarize, critique, and evaluate manuscripts, we
would expect additional challenges for journals in
avoiding both “false negatives,” wherein potentially
groundbreaking work is rejected, as well as “false
positives,”wherein inaccurate, biased, or even fabri-
cated studies are accepted.

Taken together, these risks are profound, demand-
ing thoughtful responses from our profession and
from the journals that currently uphold the integrity
of academic knowledge production. The Academy
of Management, as our field’s largest professional
organization, will soon publish guidelines regarding
the use of generative AI for its set of journals and the
conference submissions. At the moment, however,
many existing journal policies surrounding genera-
tive AI appear to be operating on the assumption that
authors, reviewers, and editors will act in good faith.
Yet, given both the severity and probability of the
aforementioned risks, as well as the highly dynamic
nature of the underlying technological develop-
ments, we believe such an assumption is inadequate,
instead requiring additional and evolving gover-
nance designed to deter bad practice. Such gover-
nance might, for instance, include AI training for
authors and reviewers, specialized review protocols
for papers that employ generative AI, the use of
AI-assisted verification systems, and periodic audits.
While such guardrails would need further debate
and discussion, we also see this as an opportunity
for further research, whereby management and orga-
nizational scholars might investigate both the tech-
nological and organizational steps that would
reduce the aforementioned risks.

WHAT ABOUT THE PROFESSION?

In a number of ways, professions are like clubs.
Most professions maintain not only barriers to entry
but also barriers to advancing within those profes-
sions. Such barriers to entry and advancement often
entail costly individual efforts to demonstrate rele-
vant expertise and quality output. The academic pro-
fession, in this sense, is no different.

At present, the academic profession is structured
around the presumed scarcity of rigorous scholarly
knowledge production, including the generation of
new ideas and methods. Journals acquire status

within the profession based not only on their impact
but also on their exclusivity, as they raise the stan-
dards for what qualifies as a novel and important
contribution. Tenure-track faculty are competitively
hired and promoted based on the perceived quality
and quantity of their scholarship, wherein the exclu-
sivity of a given journal is often used as a proxy for
assessing that quality. Ultimately, then, the manage-
ment academic profession is structured around the
assumption that scholars have specific knowledge
(both “know-what” and “know-how”) that is lacking
not only in the public but also among other manage-
ment professionals, including consultancies.

Despite such presumed scarcity, our academic
profession is interested in producing and dissemi-
nating more knowledge, as long as certain quality
standards are upheld. In addition, as noted earlier,
generative AI now promises to lower the barriers for
individuals to more efficiently engage in rigorous
scholarly research. For instance, a recent working
paper (Dell’Acqua et al., 2023) highlighted how the
use of GPT-4 within Boston Consulting Group not
only significantly increased the quality of knowledge
outputs but also decreased the gap between the
bottom-half and top-half of performers (from 22% to
4%). Whether we expect exponential or more linear
rates of improvement in the technology and its asso-
ciated scholarship-enabling capabilities is, of course,
relevant. Yet, in either case, the profession—and
indeed our journals—must give thought to the
changes on the horizon, the uncertainties that will
intersect with those changes, and the internal
responses needed. To provoke this consideration we
pose two questions, given the potential promise of
generative AI to increase both the quantity and qual-
ity of scholarship: (a) What does it mean to be a
“scholar” when the “know-what” and “know-how”

barriers to becoming one are minimized (i.e., anyone
who wants to can participate in “scholarship”)? and
(b) What does it mean to be a journal that publishes
“scholarship” when the field is flooded with manu-
scripts that meet the highest possible human-
mediated standards for (i) practical importance, (ii)
theoretical intrigue, and (iii) methodological rigor?
We believe that these questions necessitate a degree
of scenario planning, in which we attempt to envi-
sion and prepare for multiple possible and uncertain
futures.

Scenario Planning

To consider different possible scenarios, it is
worth clarifying what is it that we assume to be true,
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andwhat is it that we assume to be uncertain yet also
likely material to understanding the future profes-
sional effects of generativeAI.

First, we believe that it is inevitable that generative
AI will become increasingly used to support schol-
arly knowledge production; we also believe that
such usage will simultaneously improve the quality
and quantity of knowledge production while also
accentuating the risks associated with scholarlymal-
practice. Second, while there are a host of future
uncertainties that are likely to affect the develop-
ment and adoption of generative AI, we see two par-
ticular uncertainties as critical to the technology’s
impact on the academic profession: systems trans-
parency and societal regulation.

We define systems transparency in this context as
the clarity and comprehensibility of the data and
methods employed in utilizing generative AI sys-
tems, ensuring that other researchers can evaluate,
and potentially replicate, the processes and deci-
sions made throughout the research. A recent study,
for instance, developed a transparency index by cod-
ing 10 foundation models, including many notable
generative AI models, on 100 different indicators of
transparency related to the resources and data used
to build them, the models themselves, and their
usage (Bommasani et al., 2023). While scholars will
inevitably debate the specific indicators and evidence
of such an index, the study usefully highlighted the
uncertain and highly varied evolution of generative
AI as it pertains to systems transparency. From the
perspective of scholarly replicability and reproduc-
ibility, the conventional assumption is that we need
access to all data and all model details (Shrestha, von
Krogh, & Feuerriegel, 2023). Yet, as the study
highlighted, most privately owned models fall well
short of fulfilling these assumptions (Bommasani
et al., 2023).

Separately, the second source of uncertainty we
explore, societal regulation, can be understood as the
extent of governmental legislation restricting the
development or usage of generative AI. Many global
regulatory bodies, for example, are concerned with
the potentially disruptive forces associated with gen-
erative AI, and may very well look to cull such dis-
ruption. For instance, it may be that societies look to
restrict usage to particular domains of society, or to
regulate transparency by requiring developers to pro-
vide such transparency or performing audits on the
algorithms. It may be that the input data for genera-
tive AI models become increasingly subject to data
privacy restrictions. Finally, it may be that all outputs
are regulated, for instance, byway ofwatermarking.

Combined, these two dimensions of uncertainty
are likely to implicate our profession of management
academia in different ways, which we explore in the
following four scenarios (see Figure 1).

Scenario 1—Low systems transparency–low
societal regulation. In this scenario, both systems
transparency and societal regulation are limited. The
underlying algorithms of generative AI systems are
proprietary and closely guarded, making it challeng-
ing for academics to fully comprehend the system’s
functioning. At the same time, there are minimal leg-
islative restrictions on the usage of AI, and it is
widely adopted across academia and other sectors
without stringent public oversight.

The lack of systems transparency poses significant
challenges for academia. Researchers may become
overly reliant on AI-generated knowledge without
fully understanding the underlying processes, lead-
ing to potential blind spots and biases in their work
(De-Arteaga, Feuerriegel, & Saar-Tsechansky, 2022).
Moreover, the absence of societal regulation means
that there is limited accountability for the use of AI
in research, which could result in the dissemination
ofmisinformation or unethical practices.

In a situation of low systems transparency, the cred-
ibility and accountability of AI-generated knowledge
might be questionable. On the one hand, this could
lead to a lack of public trust in AI-generated research;
however, it may also lead to an even greater need for
academic experts to continue to hold a significant role
in knowledge production and verification. The aca-
demic profession’s exclusivity may remain relatively
stable, as the reliance on human expertise remains
crucial to maintaining quality and reliability in aca-
demic knowledge.

Scenario 2—High systems transparency–low
societal regulation. In this scenario, AI developers
prioritize systems transparency, allowing for com-
prehensive understanding of AI systems by experts.
This transparency may be underpinned by open-
source licensing and communal development prin-
ciples applied to the creation and deployment of
generative AI (Shrestha et al., 2023). However, there
is limited societal regulation in place to control the
usage of generative AI. The rapid advancement of AI
technology outpaces the development of appropriate
regulations, and there is a strong push for innovation
and unrestricted implementation.

With high systems transparency, AI-generated
research may still be subject to scrutiny and valida-
tion, but the absence of strict societal regulation
could lead to widespread use of AI-generated aca-
demic content. This scenario might result in an
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exponential increase in knowledge production, as
the process becomesmore accessible to a larger num-
ber of knowledge workers. Consequently, the aca-
demic profession’s exclusivity may decrease as the
barriers to knowledge creation and dissemination
are significantly lowered.

Scenario 3—Low systems transparency–high
societal regulation. In this scenario, there is strong
societal regulation regarding the usage of generative
AI, but the systems themselves remain opaque and
difficult to comprehend. Governments and institu-
tions impose strict rules to mitigate the potential
risks and negative consequences associated with
AI deployment.

While the high level of societal regulation aims to
protect against misuse and unethical practices, the lack
of systems transparency poses challenges for the aca-
demic community. Academics may be hesitant to rely
on AI-generated knowledge without a deeper under-
standing of how the systems operate. This cautious
approach may limit the integration of AI into research
practices, but it also serves as a safeguard against poten-
tial pitfalls associatedwithunscrupulousAI use.

In a context of low systems transparency and high
societal regulation, human academics may still hold
a central role in the academic profession. The focus
could shift toward integrating AI-generated knowl-
edge with human expertise, where AI is used to
assist human researchers. The exclusivity of the aca-
demic profession may be preserved, as the emphasis
on maintaining high standards and ethics in knowl-
edge production remains paramount.

Scenario 4—High systems transparency–high
societal regulation. In this scenario, novel genera-
tive AI models are developed with a strong focus on
transparency, allowing humans, including aca-
demics, to more fully deconstruct and understand
the underlying data, models, and usage. The algo-
rithms behind generative AI systems are inspectable,
widely shared, well-documented, subject to rigorous
scrutiny, and perhaps open-sourced. This level of
transparency ensures that biases and errors can be
identified and corrected, contributing to high-
quality knowledge production.

At the same time, there is a high level of societal
regulation governing the usage of generative AI.

FIGURE 1
Scenario Illustrations of the Impact of Generative AI on the Academic Profession
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Governments and institutions place strict controls
and guidelines on AI research and deployment to
prevent misuse and potential harm. Societies are
cautious about the rapid advancements of AI and are
concerned about its potential impact on social struc-
tures, labor markets, and privacy. As a result,
AI-generated research and knowledge undergo thor-
ough evaluation and ethical review, protecting aca-
demic integrity and the public interest.

With high systems transparency, the AI-generated
knowledgewill bemore accountable andmore easily
scrutinized. This may lead to a situation where the
AI-generated research can be effectively challenged
and validated by human researchers. Consequently,
the role of human academics may shift from tradi-
tional knowledge production to knowledge verifica-
tion, oversight, and translation, and ensuring impact
from that knowledge. The exclusivity of the aca-
demic profession might decrease as journals are
more likely to accept and trust the knowledge pro-
duction and synthesis from accessible AI tools.

CONCLUSION

The knowledge economy has been responsible for
unprecedented growth and human flourishing. Within
this knowledge economy, the academic profession has
played a pivotal role in the creation of new knowledge,
leading to technological advancements, new method-
ologies, and a deeper understanding of the world
around us. Generative AI represents a leap forward
both in our ability to engage in such knowledge pro-
duction and in making the process of knowledge pro-
ductionmore accessible to others.

Our investigation of the implications of generative
AI for management scholarship and for our profes-
sion is not meant as a call to arms to defend the pro-
fession and its current boundaries. Instead, in the
short-term, we view this as a call to prepare our-
selves, as well as our current and future PhD stu-
dents, with the appropriate knowledge not only to
use but, more critically, to evaluate algorithmic
knowledge production. For instance, scholars need
to be trained in the risks of using generative AI such
as large language models for scholarship, the ethics
of transparent usage, and themethodological compe-
tencies for ensuring scholarly integrity while using
such powerful yet currently opaque tools. In addi-
tion, in the long term, we view this editorial as a call
to rethink the distinctive value of our profession in a
world of abundantmanagement scholarship. In other
words, we suspect that a plausible generative AI-led
shift from scarce academic knowledge production to

abundant academic knowledge productionwill inev-
itably increase the urgency around answering a fun-
damental question: To what problems in society is
management scholarship the (unique) solution?
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